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Studying science and 
technology in society

Particularly: 

● controversies about new 
science and technology

● and often about datafication, 
machine learning, AI, 
algorithms etc.

● as they play out on digital 
media



With anthropological and 
computational methods

Combining:
● Ethnography
● Big sociocultural data
● Machine learning
● Natural Language Processing
● And exploratory data viz

And thus developing:
● New computational SSH 

research practices
● Plus the tools and technical 

competencies to support them



In collaboration with 
partners and stakeholders

As participatory data design

Through sprints and similar formats

To engage publics

Ensure democratic robustness

And build capacity 



Wang, T. (2013). Big data needs thick data. 
Ethnography matters



Beyond big vs. thick
“Ethnography needs to create a new paradigm 
that shifts from shaping its identity by claiming to 
understand the ‘whys’ around cultural behaviour to 
one where it and Big Data are actually focusing on 
the same epistemological field, one that is 
situated within human behaviour and crucially 
cultural interpretation. Both should therefore be 
seen as interpretive epistemological approaches 
to analysis for human behaviour and cultural 
dispositions.”

Curran, J. (2013). Big data or ‘big ethnographic data’? Positioning 
big data within the ethnographic space. Ethnographic praxis in 

industry conference proceedings



Beyond big vs. thick
“The shifts within machine-learning algorithm 
development give impetus for incorporating 
quantitative techniques that are abductive, local, 
and interpretive. The debate between universal and 
proscriptive versus local and bottom-up knowledge 
production may not—or at least no longer—need to 
divide quantitative and qualitative techniques. 
Machine learning algorithms “leave open the 
possibility of situated knowledge production, 
entangled with narrative,” a clear parallel to 
qualitative ethnographic techniques”

Paff, S. (2022). Anthropology by Data Science. 
Annals of Anthropological Practice

Quoting Knox, H., & Nafus, D. (2018). Introduction: Ethnography for 
a data-saturated world. Ethnography for a data-saturated world





Mock algebra
“Where W.H.R. Rivers had enthused in 
Melanesian Society about a future in 
which kinship studies would "resemble a 
work on mathematics in which the results 
will be expressed by symbols, in some 
cases even in the form of equations," 
Malinowski was skeptical. “I must frankly 
confess," he wrote, "that there is not a 
single account of kinship in which I do not 
find myself puzzled by some of this 
spuriously scientific and stilted 
mathematization of kinship facts.”

Seaver, N. (2015). Bastard algebra. Data, now 
bigger and better

 
Boyd, J.P. (1969). The algebra of group kinship. 

Journal of Mathematical Psychology



Ethnographic logic
“It is first of all an abductive logic, taking surprises 
seriously, and creating new explanations for them. It 
is also iterative, something that is applied over and 
over again in the course of a piece of work. And it is 
recursive, calling on itself to solve a problem that 
comes up even as it is solving a problem. 

(...)

An initial view of X from POV1, changes through the 
iterative and recursive application of abductive logic. 
It changes to a different view of X that takes into 
account contexts and meanings of POV2” 

Agar, M. (2006). An Ethnography by Any Other Name… 
Forum for Qualitative Social Research/Sozialforschung



Ethnographic logic
“Once again a major difference between ethnography 
and the usual social science: The usual approach, 
once it spots something interesting in a particular 
event, what does it want to do? It wants to isolate it, 
figure out how to abstract it from what’s going on, 
and then measure it in some way. That way a larger 
number of events can be compared.

But when an ethnographer focuses on something in 
an event, the question isn’t, “How do I isolate and 
measure that?” The question is the context question 
summarized above. “What else in the event is the 
sign connected with?” Look around and see what’s 
going on. Traditional social science is on the lookout 
for variables; ethnographers are on the lookout for 
patterns.”

Agar, M. (2006). An Ethnography by Any Other Name… 
Forum for Qualitative Social Research/Sozialforschung



Data science as 
anthropology
Should help us
● Discover new questions rather than settle 

the ones we’re already asking
● Explore and attune to different POVs rather 

than eliminate bias 
● Provide layers upon layers of interpretation 

rather than strive for abstract explanations 
or indeed to be universally explainable.



Nyman, Å, (1983). Internationellt samarbete för etnologisk kartläggning af Europa. 



Munk, A. K., Jensen, T. E. (2014). Revisiting the Histories of Mapping: Is there 
a future for a cartographic ethnology? Ethnologia Europaea

Between folk cartography and community studies
Massive and coordinated collection + visualisation of cultural 
‘traces’ and their spread patterns becomes a vehicle for a 
uniquely adequate account rather than general laws of culture. 



Venturini, T, Munk, A.K. (2021). Controversy Mapping: A Field Guide. Polity

https://docs.google.com/file/d/19sg8sncZA1eGofvRyuFV-AHIM1srlYWz/preview
















Explainable AI?
“[Ethnoscience] holds that culture is 
composed of psychological structures by 
means of which individuals or groups of 
individuals guide their behavior. [...] from this 
view of what culture is follows a view, equally 
assured, of what describing it is—the writing 
out of systematic rules, an ethnographic 
algorithm, which, if followed, would make it 
possible so to operate, to pass (physical 
appearance aside) for a native.” 

Geertz, C. (1973). Thick description. The Interpretation 
of Cultures.

Frake, C.O. (1964). How to ask for a drink in Subanun. 
American Anthropologist.
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Munk, A.K., Knudsen, A.G., & Jacomy, M. (2022). 
Revisiting the histories of mapping. BD&S



Reaction: 😂
Prediction: 😡 

POST (translated):

For the Prince, the decision not to be 
buried next to the Queen is the natural 
consequence of not receiving the same 
treatment as his spouse when it comes 
to the title and function he has always 
desired, says chief of communications for 
the Royal House, Lene Balleby.

COMMENT (translated):

I will gladly swap problems with him. 
Happy to refrain from a royal title in 
exchange for 8 mio a year. Or just the 29 
mio for the sarcophagus. Then he can 
fight my f***ing ex and the system 
without getting as much as a penny from 
me in return. Get a real problem, King 
Carrot.

Munk, A.K., Knudsen, A.G., & Jacomy, M. (2022). 
Revisiting the histories of mapping. BD&S



HUMANS OF THE TANT-LAB NEURAL NETWORK TRAINED ON 
140K COMMENTS + REACTIONS

Accuracy

52%
Accuracy

51%

Munk, A.K., Knudsen, A.G., & Jacomy, M. (2022). 
Revisiting the histories of mapping. BD&S



Machine learning is not really 
(no longer) an explanatory 
science in search of law
● Is it an interpretative one in search of meaning?
● If so, how should we talk to our machines?
● And what should we expect them to tell us?











“A photo of my mother getting married to my father” (Stable Diffusion, September 20, 2022)



“A photo of my sister getting married to my brother-in-law” (Stable Diffusion, September 20, 2022)



“A photo of my daughter getting married” (Stable Diffusion, September 20, 2022)





“A photo of the moment my son became a man” (Stable Diffusion, September 20, 2022)



“A photo of the moment when boys become men” (Stable Diffusion, September 20, 2022)



“A photo of the moment girls become women” (Stable Diffusion, September 20, 2022)



“A photo of the moment my daughter became a woman” (Stable Diffusion, September 20, 2022)



“A photo of what you should never eat” (Stable Diffusion, September 20, 2022)



“A photo of disgusting food” (Stable Diffusion, September 20, 2022)



“A photo of great food that will make you strong” (Stable Diffusion, September 20, 2022)



“A photo of the creation of our world” (Stable Diffusion, September 20, 2022)



“A photo of the origins of human life” (Stable Diffusion, September 20, 2022)



“A photo of delicious seafood” (Stable Diffusion, 14 November, 2022)



“A photo of sustainable seafood” (Stable Diffusion, 14 November, 2022)



“A photo of unsustainable seafood” (Stable Diffusion, 14 November, 2022)



“A photo of very unsustainably produced seafood” (Stable Diffusion, 14 November, 2022)



“A photo of unsustainable fishing methods” (Stable Diffusion, 14 November, 2022)



“A photo of sustainable fishing methods” (Stable Diffusion, 14 November, 2022)



“A photo of climate friendly food” (Stable Diffusion, 14 November, 2022)



Data science as 
anthropology
Should help us
● Discover new questions rather than settle 

the ones we’re already asking
● Explore and attune to different POVs rather 

than eliminate bias 
● Provide layers upon layers of interpretation 

rather than strive for abstract explanations 
or indeed to be universally explainable.

And bring an ethnographically informed stance 
to AI discussions about
● Explainability
● Bias
● Trust
● I.e. discussions about socially responsible AI




